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Fast Sensor Faut Diagnosis Method Based on CA CMAC
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( Itformation Engineering College, Shanghai Maritime University, Shanghai 200135, China )

Abstract:  For the problem of fault diagnosis in dynamic system, a principal component analysis model based on credit as
signed cerebellar model articulation controller is proposed to camy ou orr line fault detection and isolation for multiple sensor sys
tem. Firsly, the forecasting values of sensors are available from historical data measured in fault free condition based on principal
component analysis model. Secondly, the Squared Prediction Error of the sysem is calculated, the fault occured when the SPE is
suddenly increased. Sensor values are recondructed respectively to newly calculate the SPE to locate the faulty sensor. Finally, Com-
pared to BP and CM AC, the method proposed is proved feasible and effective by a simulation of multiple sensor fault diagno sis.
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